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Tα(t) = {(tn, α); n = 1, . . . , Nα(t)}

t A

T (t) = {(tn, αn); n = 1, . . . , N(t)}

N(t) =
∑

α∈A Nα(t)

CHP Hawkes A
Z = {z(α); α ∈ A}

A =
⋃K
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1
A2 A4

C2,i C4,j

1 41 2 41 2

2 37 2 35 2

3 34 1 34 1

4 33 4 33 5

5 32 1 32 1

6 32 4 31 1

7 30 1 31 1

8 30 1 30 8

9 26 2 26 1

10 25 1 26 2

11 25 2 26 3

12 25 4 25 2

13 24 2 25 2

14 24 6 24 1

15 24 9 24 1
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