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Symbolic Aggregation approXimation SAX

[Lin 2003]
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PAA(Piecewise Aggregate Approximation)
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up “up(joint,null)” upward
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down “down(joint,null)” downward

movement
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put “down(joint,object)” put move-
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1. “up((left hand),null)”

2. “up((right hand),null)”

3. “down((left hand,right hand),null)”

4. “up((right hand),green)”

5. “down((right hand),green)”

6. “up((left hand,right hand),null)”

7. “down((right hand),null)”

8. “down((left hand),null)”
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• , , , , null 5, null 6, null 7, null 8, EOF 1.76e-12
1 • , , , , null 4, null 5, null 6, null 7, null 8 1.57e-12

• , , , , , , null 4, null 5, null 6 1.19e-14
• , , , , null 4, null 5, null 6, null 7, null 8 8.63e-13

2 • , , , , null 5, null 6, null 7, null 8, EOF 5.40e-13
• , , , , , null 4, null 5, null 6, null 7 3.98e-15
• , , , , null 4, null 5, null 6, null 7, null 8, null 9 2.91e-14

3 • , , , , null 5, null 6, null 7, null 8, null 9, EOF 2.68 e-14
• , , , , , null 4, null 5, null 6, null 7, null 8 1.49e-16
• , , , , null 5, null 6, null 7, null 8, null 9, EOF 2.64e-14

4 • , , , , , , null 6, null 7, null 8, null 9 2.03e-14
• , , , , , , , , null 6, null 7 2.77e-15
• , , , , null 5, null 6, null 7, null 8, null 9, EOF 3.99e-15

5 • , , , , null 4, null 5, null 6, null 7, null 8, null 9 2.79 e-15
• , , , , , , null 5, null 6, null 7, null 8 2.57e-16
• , , , , null 5, null 6, null 7, null 8, null 9, EOF | 2.53e-14

6 • , , , , null 4, null 5, null 6, null 7, null 8, null 9 1.41e-14
• , , , , , null 4, null 5, null 6, null 7, null 8 1.32e-15
• , , , , null 4, null 5, null 6, null 7, null 8 2.05e-12

7 • , , , , null 5, null 6, null 7, null 8, EOF 5.96e-13
• , , , , , , null 4, null 5, null 6 3.71e-15
• , , , , null 4, null 5, null 6, null 7, null 8, null 9, null 10 2.67e-15

8 • , , , , null 5, null 6, null 7, null 8, null 9, null 10, EOF 8.90e-16
• , , , , , null 4, null 5, null 6, null 7, null 8, null 9 9.53e-18
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